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ABSTRACT

This study presents an experimental investigation on light weight concrete by using vermiculite with fine
aggregate replacement (25%, 30%, and 50%). Light weight concrete i.e., by the inclusion of air in concrete.
After each mix proportion, 27 cubes and 9 cylinders specimens are cast and cured. The specimens are cured in
water for 7, 14, 28 days .Light weight concrete is of utmost importance to the construction industry. The most
important characteristic of light weight concrete is the relatively low thermal conductivity, decreasing density.
The compressive strength and split tensile strength are carried in the universal testing machine. In order to make
concrete a structural material by improvising it to an extent where self weight is been decreased and efficiency
is increased .vermiculite with concrete enhances shrinkage, crack resistance fire resistance diminishing
environmental impact and cost.

KEYWORDS: Vermiculite, compressive strength, split tensile strength, cement, Fine aggregates, coarse
aggregates.

l. INTRODUCTION

As Two-thirds of the world’s surface is comprises of water. It is, therefore, so regular that there has been much
activity involving concrete in the sea in recent decades. Numerous ideas and schemes have been promoted and
many have been executed. Vermiculite is a phyllosilicate mineral group and is micaceous in nature and laminar
structure. It is not found in so many parts of the world but only a limited number of sources are worked as
commercial deposits. The concrete made with vermiculite as aggregate, therefore, will have very low density
and hence very low strength. When heated Vermiculite adopts it commercial property of exfoliation to a yellow
colour bronze mass makes it look to be a cluster of worms-where the Italian word vermicular means worm from
which the word vermiculite is originated.

1. LITERATURE REVIEW
Light weight concrete induces an inherited property of concrete i.e., expanding which increases the volume of
mixture which imposing additional features like ability and reduces the dead weight.

It was first introduced by the Romans in the second century where ‘The Pantheon’ has been constructed using
pumice, the most usual type of aggregate used in that particular year. From there on, the usage has been so often
that concrete has been spread widely across countries like USA, United Kingdom and Sweden. It is highly
reliable that there is an eventual rise in faster building rates and gradual reduction of dead load and lower
haulage and handling cost.

Its advantages are that there is a reduction of dead load, faster building rates in construction and lower haulage
and handling costs. The building of ‘The Pantheon’ of light weight concrete material is still prominent in Rome
until now for about 18 centuries. It also ensures an economic advantage while using lighter materials in
concrete.

M.R. Divya et al., (2016) have study M20 grade concrete using vermiculite as partial replacement with 25%,
40%and 50% to the total weight of fine aggregate. Massive study is held to study the parameters such as
compressive strength and tensile strength of concrete.

S Syed Abdul Rahman and Gijo K Babu (2016) In their study, structural light weight aggregate concrete was
designed with the use of natural vermiculite aggregate that will provide an advantage of reducing dead weight of
structure and to obtain a more reasonable structural light weight concrete by the use of aggregate.

S. Sharmila and L.Vijayan (2016) Have study replacement of the fine aggregate with the material called
vermiculite .It belongs the family of light weight concrete aggregate. The exfoliated vermiculite is used as a
replacement of fine aggregate.
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1.  OBJECTIVES
The objectives of these studies are:
» To compare the weights of conventional concrete and light weight concrete.
» Improves the strength of M20 grade concrete by using admixtures.
» To determine the compressive strength and split tension strength of concrete.

V. METHODOLOGY

This invokes nominal mix design m20 proportion.

Fill the concrete mould by required quantities.

In order to eliminate airspaces or voids compaction must be proceeded.

Three equal proportionate layers of concrete must be filled.

Compaction rod has 380 mm long bar, weighs 1.8kgs and has a 25mm square end for Rammering.
Finishing must be done up to the mould when excess, remove it by using trowel or rod.
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The following tests were conducted:

Slump cone test

Compaction test

Normal consistency test

Initial setting time

Bulk density of coarse aggregates
Bulk density of fine aggregates
Specific gravity of cement
Specific gravity of vermiculite
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V. RESULTS
Weight comparsion between conventional concrete and light weight concrete

NO OF DAYS 0% 25% 50%
7 days 9.270 8.320 7.950
14 days 9.090 8.030 7.520
28 days 8.950 8.090 7.960
Strength comparsion between conventional concrete and light weight concrete
VERMICULITE | 0% | 25% | 50%
Compressive strength(N/mmz2)

7 days 37.33 8.13 7.48
14 days 37.77 9.02 8.49
28 days 44.44 13.33 8.80

Tensile strength for light weight concrete

VERMICULITE | 25% | 50%
Split tension test (N/mmz2)
7 days 0.21 0.342
14 days 0.67 1.029
28 days 0.92 1.061
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ABSTRACT

Education is the Backbone of any country and it is very important to improve the education strength of the
country. There are various methods and challenges that the government use these days in schools to improve the
standard of education like technologies like computers, smart rooms, projectors, and eBooks. But these
recourses are only use full when we know which student need which type of resource or in other words if we
predict the results of students, we can improve results and decrease drop out ratios. In this research, we use Data
Mining in education to predict patterns based on certain criteria to improve the results of the schools. In this
research paper first we explain what data mining is and how it is useful in education and how to predict certain
patterns as a result of applying data mining with the use of Weka Tool.

KEYWORDS: KDD (Knowledge Discovery in Database), Education, WEKA data mining tool.

l. INTRODUCTION

Data mining, also called Knowledge Discovery in Databases (KDD), is the field of discovering novel and
potentially useful information from large amounts of data. Data mining has been applied in a great number of
fields, including retail sales, bioinformatics, and counter-terrorism or even in education. Data mining tools
predict future trends and behaviours, allowing institution to make proactive, knowledge-driven decisions. The
automated, potential analyses offered by data mining move beyond the analyses of past events provided by
retrospective tools typical of decision support systems. Data mining tools can answer institution questions that
traditionally were very time consuming to resolve [5]. They scour databases for hidden patterns, finding
predictive information that experts may miss because it lies outside their expectations. Data mining is a
powerful tool for academic intervention. Through data mining, a university could, for example, predict with 85
percent accuracy which students will or will not graduate. The university could use this information to
concentrate academic assistance on those students most at risk.

In order to understand how and why data mining works, it’s important to understand a few fundamental
concepts. First, data mining relies on four essential methods: classification, categorization, estimation, clustering
and visualization [1]. Classification identifies associations and clusters, and separates subjects under study.
Categorization uses rule induction algorithms to handle categorical outcomes, such as “persist” or “dropout,”
and “transfer” or “stay.” Estimation includes predictive functions or likelihood and deals with continuous
outcome variables, such as GPA and salary level. Visualization uses interactive graphs to demonstrate
mathematically induced rules and scores, and is far more sophisticated than pie or bar charts. Visualization is
used primarily to depict three-dimensional geographic locations of mathematical coordinates [2]. Higher
education institutions can use classification, for example, for a comprehensive analysis of student
characteristics, or use estimation to predict the likelihood of a variety of outcomes, such as transferability,
persistence, retention, and course success.

1. DATA MINING TOOLS
Machine learning
Computer science, heuristics and
Induction algorithms
Artificial intelligence
Emulating human intelligence
Neural networks
Biological models and Engineering

1. PHASES OF DATA MINING
Data mining is an iterative process that typically involves the following phases:
° Problem definition
Data exploration
Data preparation
Modeling
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Figure 1 Process of Data Mining
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A data mining project starts with the understanding of the problem. Data mining experts, business experts, and
domain experts work closely together to define the project objectives and the requirements from a business
perspective [4].

In my project our domain is academic data like a student records, result of colleges of different years, strength of
students per year and per department and the experts of that domain are HOD’s of departments and principals of
the colleges.

In the data exploration phase, traditional data analysis tools, for example, statistics, are used to explore the data.
In the data preparation phase, data is tweaked multiple times in no prescribed order. Preparing the data for the
modeling tool by selecting tables, records, and attributes, are typical tasks in this phase. The meaning of the data
is not changed [3].

We select and apply various mining functions because we can use different mining functions for the same type
of data mining problem. Some of the mining functions require specific data types.

In the modeling phase, a frequent exchange with the domain experts from the data preparation phase is required.
Evaluate the model. If the model does not satisfy their expectations, they go back to the modeling phase and
rebuild the model by changing its parameters until optimal values are achieved. When we are finally satisfied
with the model, we deployed it.

V. TOOLS OF DATA COLLECTION & ANALYSIS
Various tools are needed for that project some for analyzing data, some for designing, implementation and some
developing software tool these are:
. Excel
Ms access
J48 algorithm
Naive Bayesian Classifier
WEKA data mining tool
Tangara data mining tool
Rapid miner

V. ADVANTAGE OF DATA MINING IN ACADEMICS
Data mining tells us following things like:
Tells us about the weak students.
Tells us which students are taking more credit hours.
Subjects which are more interesting to students.
Type of courses we can offer to attract more students.
Tells various ways to help weak students.
Helps in improving the result of schools.
Helps in predicting the result of students.
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VI. DATA MINING IMPLEMENTATION

In this research work we collect data of Eight Hundred and thirty eight students of senior secondary schools of
Fatehgarh District of Punjab India. In the first step we clean and integrate data. For our problem we chose eight
attributes these converted into its equivalent values which are given below in the table.

Table |: Selected Attributes

S.No. | Given Attributes Description

1 10" percentage Percentage

2 12" Subjects Arts ., NM ,
Commerce , Arts

3 Sex Male , Female

4 Occupation Govt, Private , Farmer

5 Caste Gen, SC,BC

6 gh Percentage

7 Religion Sikh, Hindu, Muslim

8 Area Rural , Urban

Home Insert Page Layout Formulas Data Review Wiew Developer

Calibri -~ {12 -l A A= = :||@-v =1F Wrap Text

F'E'te # Format Painter ||| B I O - =2 Merge & Cer
Clipboard = Font = Alignment
| P3 - 0 £ |
A B C D E F LS H 1

1 125UBd sex oCCupP CASTE B8TH A10TH RELIGIOMN AREA
2 |commerce FEMALE Pwvt. Job GEMN 67 63 HINDU Urban
2 Arts NMALE Pvt. Job GEM 63 27 HINDU Rural
4 N FEMALE Apricultur GEN 56 53 SIKH Rural
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11 Arts NMALE Service BC 36 43 HINDU Rural
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14 | Commerc MALE Agricultur GEMN 41 50 SIKH Rural
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Fig 2 Csv File of Database
After collecting and cleaning the data we classify data using weka data mining tool. For Classifying and for
prediction we use J48 algorithm. For the classification learning experiments the J48 method was chosen (based
on the C4.5 algorithm from the machine learning), for being one of the most used Weka classification
algorithms that offers a superior stability between precision, speed and interpretability of results [3]. J48
classifies data in the form of decision tree. From this decision tree we are easily identify the weak students and
whose chance of failure are maximum and minimum.
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Fig 5 Data Classification Result
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The classification learning was also used to predict the students’ failure/success to pass the academic exams
based on their present behavioural profile. For the J48 classification learning based on the training set, there was
99.4% success rate (the correctly classified instances) which is highest value of prediction. We have 838
instances from which 833 are correctly classified and 5 are not correctly identified.

From the decision tree we are easily identify the weak students and whose chances of fail are maximum. After
identifying the weak students we can work hard on that students to minimize the failure result and we can
improve overall result and performance of the student.

VII.  CONCLUSION

The current education system does not involve any prediction about fail or pass percentage based on the
performance. The system doesn’t deal with dropouts. There is no efficient method to caution the student about
the student about the deficiency in attendance. It doesn’t identify the weak student and inform the teacher.
Another common problem in larger number of students in class may feel lost in the crowd. Whether they’re
struggling to find help with coursework, or having difficulty choosing (or getting into) the courses they need,
many students are daunted by the task of working through the bureaucracy. Since with the help of Data Mining
we identifies the weak students, the teachers can provide academic help for them. It also helps the teacher to act
before a student drops or plan for recourse allocation with confidence gained from knowing how many students
are likely to pass or fail. Proposed system also shows data graphically according to the need or organization
which help them to take important decisions. For future work we also use clustering, with the help of clustering
we can see the domain and interest of students in particular field.
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